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Application of artificial intelligence and machine learning in cardiovascular diseases

SONG Qi-rui, CAI Jun”
(Hypertension Center, Fuwai Hospital, National Center for Cardiovascular Diseases, CAMS & PUMC, Beijing 100037, China)

Abstract: Artificial intelligence ( Al) and machine learning( ML) have gradually been widely used in the medical

field due to their unique advantages. In cardiovascular diseases, this technology has made some progress for pro-

cessing complex data from electronic medical record, analyzing disease mechanisms and for predicting prognosis,

automatically analyzing and identifying cardiovascular imaging and arrhythmia, and discovering new subtypes of

disease. The potential of Al and ML in cardiovascular disease research will bring a new breakthrough in the cardi-

ovascular field.
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